In Kenya, educational enrollment rates increased significantly for both girls and boys after 2003, when primary education became free of charge. Unfortunately, approximately one million school-aged children are still not enrolled in school. Earlier literature provides empirical evidence that educational opportunities differ among children, due to poverty, gender, rural area of residence and disability. Our paper contributes to the literature by providing empirical evidence of the importance of children's ethnolinguistic background for their probability of being in school. Estimates from a three-level random intercept probit model using data from the Kenya Integrated Household Budget Survey 2005/06 reveal that Somali and Maasai children are least likely to be in school. A separate analysis by child's gender shows that compared to Kikuyu children both girls and boys from the Somali and Maasai groups, but also Mijikenda and Swahili girls, have a lower probability to be in school. This might be an indication that gender norms are stronger in these groups.
Introduction
A better-educated population is expected to lead to reduced poverty, stronger economic growth and higher individual wellbeing. Since the 1950s, several international agreements have resulted in measurable gains with respect to children's access to education and completion of primary school; 2 as of 2012, however, approximately 58 million primary-school-aged children around the world were still not enrolled in school (UNDP 2014) . The previous literature has reported that children's educational opportunities differ because of poverty, gender, rural area of residence and disability (Global Partnership for Education 2012). Our paper contributes to the existing literature by examining the relationship between ethnolinguistic background and the child's probability of being in school. We expect that several attributes related to the household's ethnolinguistic background, including culture, norms and language, affect the household's decision to invest in children's human capital by letting them attend school.
Our paper focuses on Kenya, one of the world's most diversified countries, in terms of both ethnicity and language (Alesina et al. 2003) . There are approximately 70 languages spoken in Kenya (Lewis et al. 2013) and ethnicity has played a central role in both political mobilization and resource allocation in the country (Kimenyi 1997) . Although primary education has been free in Kenya since 2003, in 2011 approximately one million school-aged children were not enrolled in school (UNESCO 2013) .
We use data from the Kenya Integrated Household Budget Survey (KIHBS) 2005/06. The novelty of our paper lies in the way in which we control for the ethnolinguistic background of the child. We build on data evidencing that many respondents in rural areas chose to answer the questionnaire in one of the eleven local languages that were allowed to be used as an alternative to either English or Swahili, the two official languages of Kenya. Given that the data collection process was designed in terms of clusters of ten households living in a small community, it is likely that rural households that answered in the same local language share the same culture and norms. Therefore, we decided to focus only on the rural areas and argue that the language in which a respondent answered the questionnaire is a good proxy for the household's ethnolinguistic background. To our knowledge, this study is the first to control for the importance of ethnolinguistic background when studying the decision over whether to send a child to school, in addition to traditional variables related to child-, household-and region-specific characteristics. To analyze the importance of the household's ethnolinguistic background on the child's probability of being in school, we use a three-level random intercept probit model that controls for unobserved characteristics at both the community and household level. Regardless of the model specification, our results show that Somali and Maasai children have a lower probability of being in school than children from all other language groups. A separate analysis by child's gender shows that compared to Kikuyu children both girls and boys from the Somali and Maasai groups, but also Mijikenda and Swahili girls, have a lower probability to be in school. This might be an indication that gender norms are stronger in these groups.
The remainder of this paper is organized into six sections. Section 2 reviews earlier studies of educational decisions and formulates the hypotheses that are tested herein. Section 3 presents relevant institutional settings and data. Section 4 discusses the empirical strategy. Section 5 discusses the results, and Section 6 concludes.
Earlier studies and our paper's hypotheses
In the classical human capital framework (Schultz 1960 , 1963 , Mincer 1958 , 1974 , Becker 1975 , the optimal level of schooling is determined by the marginal cost and marginal benefit of education, both of which are affected by preferences and beliefs that can be held by individuals and/or groups (Fernández and Fogli 2005) . We assume that a household's expectations regarding the costs and benefits of education vary across groups with different ethnolinguistic backgrounds, i.e., are differentiated according to culture, norms and language. Our study's main hypothesis is that ethnolinguistic background is an important determinant of the decision to be in school or not.
The previous economics literature addressing the determinants of primary schooling in Kenya has found that school enrollment is related to the characteristics of the children, the level of education of the parents, the welfare and composition of the family and household, the cost of sending a child to school and the area of residence (Kabubo-Mariara and Mwabu 2007, Nyokabi 2009 ). The direct costs of schooling include books, uniforms, transportation and tuition, among others, whereas the opportunity cost of education consists of the child's time that could have been used in household production or in the labor market.
Even though primary education in Kenya is tuition free, there are both direct and indirect costs that not all households can afford, and therefore, for some children, particularly in rural areas, working on a household farm or in a household business may be the alternative to spending time in school. Studies have shown that achieving universal primary education will require government funding that does more than merely remove infrastructure fees; at the very least, activity and examination fees must also be eliminated (e.g., Mukudi 2004, Omwami and Omwami 2010) . Therefore, we expect that a household's income and/or poverty level are important for the household's decision regarding the child's school attendance.
Being able to understand and speak the language of instruction is obviously important for learning (Trudell 2005) . Earlier literature highlights the importance of language as a possible explanation for achievement gaps between indigenous and non-indigenous children in some countries (Patrinos and Psacharopoulos 1996 for Bolivia and Guatemala, McEwan and Trowbridge 2007 for Guatemala). African educationists argue that the major learning problem for African children is linguistic in nature (Obanya 1980) , and African linguists emphasize the advantages of using the mother tongue as the language of instruction (Brock-Utne 2001) . Children who speak a language other than the language of instruction experience barriers to learning, and these barriers might be essential to the decision over whether to remain in school or drop out (Lockheed and Verspoor 1991) . Therefore, we expect that children who belong to ethnolinguistic groups that speak a language other than the neighborhood school's language of instruction will be less likely to be in school.
Moreover, ethnolinguistic background might also incorporate culture and norms. Households from the same ethnolinguistic group sometimes share the same way of living: some groups might be characterized by nomadic traditions, others by being traders, etc. When Buchmann (2000) analyzed how household structure and parental perception influence the child's probability to be in school in Kenya, she included ethnicity as an explanatory variable. Buchmann (2000) 's study builds on the hypothesis that the link between ethnicity and education has deep historical roots; some ethnic groups (e.g., Kikuyu, Embu and Meru) are likely to value education more due to their earlier exposure to Western culture and Christianity, whereas other ethnic groups (e.g., the Mijikenda, Maasai and Somali) were typically exposed to Westernstyle education much later. Using a relatively limited data set (n = 643), she tested whether Kikuyu and Mijikenda children have different probabilities of being in school, using all other groups for comparison. However, the empirical results did not support the hypothesis that ethnicity affects school enrollment. Having richer data (n=11389) and a different data design that focuses on ethnolinguistic background instead of ethnicity, we test whether such background has an impact on children's probability of being in school.
Gender-based differences in education are larger among ethnic minorities, and ethnicity-based differences in education are stronger among women than men (Tas et al. 2014) , and approximately 70 percent of the world's out-of-school girls come from excluded groups (Lewis and Lockhead 2007) . This suggests that the probability of being in school might be affected by gender norms, and that these norms vary among ethnolinguistic groups. If girls are expected to marry relatively earlier and leave the family after marriage, while boys are expected to inherit familial property, then educating sons will yield a higher return for the parents. Furthermore, if girls are expected to become homemakers and not enter the labor market, their expected return on education might be lower. Buchmann (2000) reported that, if parents expect the labor market to be worse for women than for men, then their daughters are less likely to be enrolled in school.
3 Therefore, we expect that, if gender norms are part of the ethnolinguistic background of the household, then our language dummies will have different impacts on children's probability of being in school for boys and girls.
Another hypothesis about the differences in school attendance across ethnic groups comes from political economy's approach, which argues that political leaders in Sub-Saharan Africa are known to favor their own ethnic group (Franck and Rainer 2012) . Using data from Kenya, Kramon and Posner (2012) reported empirical evidence that having a president from one's own ethnic group during the years when one was of primary education age increased one's years of education by about 4 percent. They explained that this was due to both targeting from elites, who increased the inputs to schooling and health, and to a change in parents' expectations, who anticipated a higher return from education when they had a co-ethnic as president. Given that the president of Kenya during 2005/06 was an ethical Kikuyu, Mwai Kibaki, we expect that this would have increased the probability of Kikuyu children being in school.
3 Institutional settings and data
The Kenyan education system is highly centralized. Formal education is managed by the Ministry of Education, Science, and Technology (MoEST), which is responsible for policy and planning. Together with the Teachers Service Commission (TSC), the Kenya Institute of Education, and the Kenya National Examination Council, MoEST sets the curricula, administers the public examinations and pays the salaries of the teachers in public schools. The TSC is responsible for the recruitment and allocation of teachers. Private schools do not receive any public funds (World Bank 2004) .
Since 1985, Kenya's educational system has been designed to provide eight years of primary education, four years of secondary education, and four years of tertiary education. There are 16 local languages approved for instruction, and until the fourth year the language of instruction should be the predominant language of the school's catchment area. Thereafter, English should be used as the language of instruction (Cleghorn et al. 1989) . The goal of the language policy is to make primary education locally accessible to linguistic/ethnic minorities, but it is difficult to implement mother-tongue teaching in regions in which several ethnolinguistic groups co-exist (Ogle et al. 2010 ). Therefore, English or Swahili may be used as the initial medium of instruction in linguistically mixed schools. Glewwe et al. (2009) argued that the Kenyan educational system had developed to serve the strongest students, while being ill-suited to the typical student. As an example of this, they found that providing textbooks did not raise the average test score, but had a positive impact on the test scores of the best students. One explanation given was that the textbooks are written in English, which is the third language of most students.
In 2003, Kenya implemented a free primary education (FPE) policy aiming to give every child access to education. Consequently, enrollment rates increased by approximately 14 percent between 2002 and 2003 (World Bank 2004 . The increase in enrollment after the introduction of FPE has varied across districts, and poorer districts have experienced the largest increase (Bold et al. 2010) . However, other school related inputs have not kept pace with the increase in the number of students, leading to a potential decrease in the quality of education. For example, the student-to-teacher ratios increased from 33:1 to 39:1 between 2000 and 2003 (World Bank 2004 . Some households have reacted by transferring their children to private schools (Bold et al. 2011 ). Nishimura and Yamano (2013) showed that this reaction was more common among wealthier households and that girls were less likely to be transferred than boys. As a result of this, as Lucas et al. (2012) showed, there has been an increase in the concentration of students from low socioeconomic groups in public schools.
Our data were extracted from the KIHBS 2005/06, which was conducted by the Kenya Bureau of Statistics over a period of 12 months beginning on May 16, 2005. Its respondents included 66725 individuals belonging to 13430 randomly selected households from 861 rural and 482 urban clusters that were, in turn, randomly selected from all the districts in Kenya. The sample is representative not only at the national level but also at the urban/rural, provincial and district levels. The survey covered all household members (usual residents).
According to the KIHBS 2005/06 data, approximately 93 percent of children aged 6-17 had attended school for at least one term. In the case of children who had never attended school, lack of money for school expenses (20 percent) or ill health (9.9 percent) were stated as the main reasons.
We selected the sub-sample of all rural children aged 6-14. As mentioned in the introduction, our reason for focusing on the rural households is that a high proportion of households from the rural areas answered the questionnaire in a local language. After cleaning the data of non-responses, we ended up with a final sample of 11138 children. Table A1 in the appendix presents a short description of all variables used in the empirical analysis, and Table A2 presents descriptive statistics for all the children in our sample, by school enrolment and by gender.
About 90 percent of the children in the final sample were enrolled in school, and there was no significant difference between boys and girls. Of the children who were in school, about 91 percent were in public schools, 8 percent in private schools and the remaining 1 percent in community schools.
There were significant differences between the children who were in school and the ones that were not. Children living in households defined as "hard core poor" make up 28 percent of the children in our final sample and 52 percent of those children who were not in school.
5 This indicates that, although primary education is free, poverty continues to keep children from being in school. The enrollment level varied among districts: although almost all the children in Central Province (98 percent) were in school, the corresponding rate for North Eastern Province was only 54 percent. As already mentioned, given that, in Kenya, there is a strong connection between ethnicity and language, we considered the language in which the household members answered the questionnaire to be a good proxy for the household's ethnolinguistic background. There were 13 alternatives that could be used to answer: Swahili and English, the two official languages of Kenya, and eleven local languages (Embu, Kalenjin, Kamba, Kikuyu, Kisii, Luhya, Luo, Maasai, Meru, Mijikenda, and Somali). According to Kenya Census (2009), approximately 89 percent of the population belongs to one of the ethnic groups connected to these eleven languages (Kenya National Bureau of Statistics 2010). The Swahili-and English-language dummies might be contaminated by the fact that respondents who spoke a language other than one of the local languages offered by the survey chose to answer in one of the two official languages. However, ethnic Swahili speakers primarily live in Coast Province. Therefore, we constructed a Swahili-coast dummy that took the value of one for children living in households whose members were born in and lived in Coast Province and answered the survey in Swahili (5.6 percent), and zero otherwise. All other children who 5 A household was defined as hard core poor if it could not meet its basic food needs even if it only consumed food. The food poverty line was based on the cost of consuming 2250 kilocalories per adult equivalent per day. In monthly adult equivalent terms, the food poverty line was 988 Kenyan shillings for the rural areas (Kenya National Bureau of Statistics 2007).
belonged to a household that answered in Swahili were put into the language group "Swahili-rest" (22.4 percent). Only 2.9 percent of the children lived in a household that answered the survey in English; most of those children (94 percent) lived in the Moyale district, which is located between Kenya and Ethiopia. Notably, all the respondents from this district answered in English.
The enrollment rate in primary school varied widely among the ethnolinguistic groups. Whereas nearly all Kikuyu and Kamba primary school-aged children were in school (98 percent), only 55 percent of the Somali children were. Educational traditions, measured as the education of the head of the household, also varied among the ethnolinguistic groups. Whereas 34 percent of the Kisii children lived in a household in which the head had at least some secondary education, the same held true for only 1 percent of the Somali group. Moreover, the Somali and Mijikenda children lived in the poorest households.
Although our data do not explicitly include information about the language of instruction, we are aware that this factor might be an important component of explanations of the differences in schooling between ethnolinguistic groups.
The traditional variables used in the empirical analysis can be divided into three groups: child characteristics, household characteristics and community/district characteristics. Child characteristics include the age and gender of the child and a variable indicating whether the child has had a chronic illness. Household characteristics include the education of the head of household (no education, primary education or some secondary education), household expenditure, whether or not the household owns land that is used for agricultural purposes, a variable indicating whether the household is defined as hard core poor, and a set of dummy variables for the household's religion (Catholic, Protestant, Muslim, other or no religion).
We considered several characteristics of the small community and/or district. Where possible, the mean values were calculated at the small community level. However, some variables were only available at the district level (quality of education and distance to school). The cost of education (mean expenditure on education for a student in a government primary school divided by 1000) was almost the same (around 0.56) for all observations, with relatively smaller numbers for those children who were not in school. The quality of education (percentage of students in the second class that could write) was higher among the sample of enrolled children, which might suggest that some parents do not let their children go to school because of low expectations. The distance to school (percentage of households located more than 5 kilometers from the nearest public primary school) also differed between the enrolled and unenrolled children; for children who were not in school, the percentage of households in their area with more than 5 kilometers to travel to the nearest public school was higher, suggesting that the child's probability of being in school is dependent on the distance to school. The rate of working children, measured as the percentage of children aged 6-14 in a community for whom work was given as their main activity, was much higher (almost double) for the unenrolled than enrolled children. This descriptive also suggests that there might be some kind of peer effect motivating parents to either let their children go to school or not. The rate of homemakers, measured as the percentage of women in the community who stated "being a homemaker" as their main activity, was higher among the households with children who were not enrolled in school, indicating that gender norms might be important.
Empirical strategy
Our data have a multilevel structure: each child belongs to a household and each household belongs to a small community. Children might share several common observed and unobserved attributes at both levels, and it is reasonable to assume that these shared characteristics affect the probability of being in school. An appropriate model with which to analyze the decision to send a child to school in this setting is a random intercept model that accommodates three levels: children nested within a household, and households within a small community. We considered a random intercept model because it allowed us to model grouped cross-sectional data for which the responses from the same group, i.e household and small community, could not be assumed independent after conditioning on the observed exogenous variables.
For example, at the household level, parents have some (unobserved) expectations about the expected return on education, which will influence the school decision in the same way for all their children. At the small community level, children live in households within the same area that shares the same (unobserved) access to schools with the same (unobserved) characteristics. To model this, we used a random intercept model with random intercepts at the household and community levels.
Each child i (i = 1,…, n jk ) belongs to a household j (j= 1,…, n k ) nested within a small community k (k = 1,…, K). The equation for the decision to send the child to school can be stated in terms of a latent response model as follows:
where y * ijk is the expected net benefit from the education of child i, who lives in household j in small community k. If the expected net benefit is positive, the child is sent to school, and we observe y ijk = 1; otherwise y ijk = 0. The observed characteristics of child i who lives in household j in small community k are denoted by x ijk . The household-level (second-level) random intercept is μ jk (2) and the small community (third-level) random intercept is μ k
. The individual-level error terms, ε ijk , have a standard normal distribution with mean 0 and variance 1 and are independent of u jk and μ k . The random intercepts are assumed to be normally distributed with mean 0 and variance σ 2 2 and σ 3 2 . The random intercepts are not directly estimated as model parameters but instead are summarized according to their variances (StataCorp 2013).
Parameter estimation is based on full-information maximum likelihood estimation using a mean-variance adaptive Gauss-Hermite quadrature (using seven integrating points) to approximate multiple random effects.
We also re-estimated the parameters using (1) a probit model without controlling for the correlation of the error terms, (2) a probit model clustering the error terms at the household level, and (3) a probit model clustering the error terms at the community level.
Results
We estimated several model specifications based on the hypotheses presented in Section 2. The estimation was performed for all children and then separately for boys and girls. Table 1 presents the estimated parameters for the traditional variables for child, household and small community characteristics only (Column 1), and their values when we extend the model specification to include ethnolinguistic background measured as the poverty rate, the share of homemakers, the quality of education and the cost of education by language group (Column 2) or dummies for language groups (Column 3). The last column (Column 4) presents the estimates for a probit model with the same variable specification as that reported in Column 3 but ignoring the multilevel structure of the data. We report the estimates for the language dummies in Table 3 and for the mean values by language group in Table 4 . The direction of the impact (i.e., the sign of the estimated parameters) is the same across all four columns, but the size of the parameters and the standard errors vary for most variables included in the analysis. The differences between the standard errors of the probit model and the three-level random intercept models suggest that there is some dependence of the school decision within households and at the household level within small communities. This finding is further supported by the fact that both the variance from the household and that from the small community are significant. A likelihood-ratio test reveals that there is enough variability among households and communities to favor a random intercept model over a traditional probit model. All statistically significant estimates of traditional variables are consistent with the findings reported in earlier studies: the probability of being in school increases at a decreasing rate with the age of the child; boys have a higher probability of being in school than girls, and the probability that a child is in school decreases if he/she suffers from a chronic illness. The probability that the child is in school increases with the educational level of the head of the household, the household's ownership of land used for agriculture, and the household's income. Additionally, children living in religious households have a higher probability of being in school.
Traditional variables
Children's probability of being in school decreases with the share of working children in the small community in which they are living, with the number of school-aged siblings, and when the household in which they are living is hard core poor. This last result support the hypothesis that, even when primary education is tuition free, budget constraints still hinder the poorest children from being in school. Table 2 presents the estimates for the traditional variables, for girls and boys separately, when controlling for mean values by language group measured as the poverty rate, the share of homemakers, the quality of education and the cost of education by language group (1) and when controlling for language-group dummies (2). Most of the estimates show the same pattern as those reported in Table 1 , but there are certain interesting exceptions. The magnitude of the estimated parameters for age, all religion dummies, and poverty at the district level are higher for boys than for girls. The positive estimate for the impact of household expenditure is only statistically significant for girls, suggesting that the household income level is more important for girls.
Traditional variables and gender
The parameter for the number of school-aged children is statistically significant and negative only for boys, suggesting a decrease in boys' probability of being in school when there are other school-aged children in the household. The impact of the percentage of women in the district who are homemakers is statistically significant and negative for both boys and girls, which suggests that when the mother is at home the child has a lower probability of being in school. The impact is stronger for girls, supporting our hypothesis that gender norms are important. Notes: *** 1% significance level, ** 5% significance level, and * 10% significance level; a the estimates are reported in Table 4; b the estimates are reported in Table 3 .
Ethnolinguistic background
When the traditional variables specification is extended using ethnolinguistic background, measured as the poverty rate, the share of homemakers, the quality of education and the cost of education by language group (Column 2 in Table 1 ) or measured using the language dummies (Column 3 in Table 1 ), some estimates of the impacts of the traditional variables change in magnitude. Most affected are the estimates for the small community/district characteristics, which suggests that the effects are picked up by the mean values of these variables across the language groups. The coefficients for the cost and quality of education, and for the rate of homemakers become insignificant (Column 2 in Table 1 ), but the coefficients are statistically significant for the coefficients of the mean values of these variables by language group (Column 1 in Table 4 ). Interestingly, the quality of education at the district level increases the child's probability of being school, but the average level of the quality within the language group decreases the child's probability of being in school. This might suggest that children from particular ethnolinguistic groups might live in districts with good schools, but their households might still face other constraints (for example, the language of instruction) that decrease the child's probability of being in school. Compared with the model that includes only the traditional variables, both model specifications that control for ethnolinguistic background (Columns 2 and 3 in Table 1 ) lead to a decrease in the random intercepts' variance at the small community and household levels, which suggests the importance of ethnolinguistic background in explaining the child's probability of being in school.
In the model specification that includes the language dummies (Column 3 in Table 1 ), we used Kikuyu, the largest ethnolinguistic group in Kenya, as the reference group, which allowed us to identify potentially disadvantaged groups. Estimates for the impacts of the language groups' dummies, for all children and for girls and boys separately, are presented in Table 3 . We also tested how the definition of our dependent variable influenced our results, by changing it to an indicator showing whether the child had ever attended school.
Compared to Kikuyu children, children from the Maasai and Somali groups show a lower probability of being in school. The estimated coefficient (-1.347) shows the impact to be stronger than, for example, the impact of having a head of household with some secondary education (0.819). These results hold for boys and girls separately, with higher values for girls. Moreover, compared with Kikuyu boys, Kamba boys have a higher probability of being in school. For girls, more estimates are statistically significant, suggesting that there might be gender norms that are picked up in the estimates. Girls belonging to the Maasai, Meru, Mijikenda, Somali, Swahili-coast and English language groups have a lower probability of being in school than girls from the Kikuyu group. This finding is in line with Tas et al. (2014) , who show that ethnicity-based differences are more pronounced for females than males. Re-estimating the same model specification with different reference groups, we find that Maasai and Somali children have a lower probability of being in school than children from all other ethnolinguistic groups (appendix , Table A3 ).
Changing the dependent variable to an indicator for whether a child has ever attended school shows ethnolinguistic background to be even more important in determining whether or not a child gets any education at all (Table3, column 4). The estimated coefficients for Kalenjin and Mijikenda become statistically significant (negative) and for all other groups the estimated coefficients increase in magnitude.
The estimates for the impacts of the two official languages, Swahili and English, are negative and statistically significant. The estimate for the impact of English might be attributable to the girls in that group. Because most children who lived in a household that answered in English lived in the Moyale district, it appears that girls may be particularly disadvantaged in that location. As a robustness check, we re-estimated our model both by combining the English and Swahili groups into one group and by excluding these groups. This did not change the statistical significance or the direction of the estimated coefficients for the other language groups. Even though children are supposed to start school when they are six year old, this might vary among groups. To examine how our choice of age range for our sample might have influenced the results, we ran the model using several different age groups. Furthermore, the choice of age interval might affect the probability of being in school differently depending on whether the child was of school age before and/or after 2003 when primary school became free of charge. We controlled for this using a dummy variable showing whether the child had turned six after the reform (appendix , Table A4 ). Using different age samples, we found that the impact for the Swahili and English groups seemed to be due to the lower age cohorts, and did not hold when these cohorts were dropped. When using a sample of children aged 9-14, (or with a higher lower limit), we found that even children from Kiisi and Luhya had a higher probability of being in school than children from the Kikuyu group. Regardless of which age sample we used, Maasai and Somali children always had a lower probability of being in school than children from the Kikuyu group. Including the dummy for being of school age after the reform did not have any significant impact on the main results.
To investigate which characteristics of the language groups that are important for the child's probability to be in school we change our model specification using the rate of homemakers, the poverty level and the cost of education for each language group instead of language dummies. Their estimates are reported separately in Table 4 . The child's probability of being in school decreases with the rate of homemakers, the poverty level and the cost of education within the language group. The estimated impacts of the rate of homemakers and the poverty level are stronger for girls than for boys, suggesting that gender norms and poverty might lead households to withdraw girls from school before boys. To further understand what explains the differences among the ethnolinguistic groups, Table 5 shows how the magnitude of the language dummies (Column 1) change when controlling for additional variables: traditional variables for children (Column 2), households (Column 3), small community and district characteristics (Column 4), interactions between language group and gender (Column 5), interactions between gender and religion (Column 6), and interactions between gender and rate of homemakers (Column 7).
Our estimates suggest that differences among language groups are explained to some extent by traditional variables. The estimated coefficients for most of the language groups (i.e., Kalenjin, Luhya, Maasai, Meru, Mijikenda, Somali, Swahili-coast, Swahili and English) are both negative and significant, indicating that children not belonging to these groups are less likely to be in school than a Kikuyu child (Column 1). However, the magnitude varies across language groups, with the largest values found in the Somali and Maasai groups. When adding characteristics of the children (Column 2), the magnitude of the impact of ethnolinguistic background becomes slightly stronger, except in the Luhya group, where the level of significance decreases. Adding household characteristics (Column 3) decreases the differences across language groups, and the estimate for the Luhya group becomes insignificant, suggesting that at least part of the differences in the probability of being in school is explained by differences in household characteristics across language groups. For example, the poverty level in the Luhya group is significantly higher than that in the Kikuyu group. In the next step, we extend the model specification by adding neighborhood and district characteristics (Column 4), which affects some of the estimates of the language groups, which decrease in magnitude, and the estimate for Kalenjin becomes insignificant. This finding suggests that the characteristics of the neighborhood and district in which language groups live affect the probability that a child will be in school. However, estimates for the other language-group dummies remain statistically significant, which implies that they continue to contain information that influences a child's probability of going to school. Therefore, in the next step (Column 5), we explore the existence of gender norms by adding interaction variables between the language-group dummies and the gender of the child (being a boy). All the coefficients for the language groups remain negative, but they increase in magnitude. Adding interaction with religion (Column 6) and the rate of homemakers (Column 7) has only a minor impact on the estimates of the language dummies, suggesting that there are some common characteristics within language groups, other than religion and gender norms, that drive a household's decision over whether to send a child to school. Table 6 further investigates the interaction between gender and the language groups. We begin with a model specification that includes only interactions between gender and the language group (Column 1). Then we add the traditional variables for the child, household, and small community and district characteristics (Column 2) and the interaction with religion (3). When we add the interaction between gender and the language group, the coefficient for being a boy changes its sign and becomes insignificant. When all the traditional controls are included (Column 2), only the interaction with Maasai and Somali are statistically significant for boys. The coefficients for the interactions with these groups, together with Meru, Mijikenda, Swahili-coast, Swahili and English, are also negative and statistically significant for the interaction with being a girl. The coefficients for Maasai and Somali are statistically significantly stronger for the interaction with being a girl, which suggests that the girls in these groups are less likely to be in school. Thus, gender norms might vary not only among language groups but also among religions. To control for this possibility, we include interactions for gender and religion (Column 3), but those interactions do not change our results for the language groups. Notes: *** 1% significance level, ** 5% significance level, and * 10% significance level. Figure 2 shows the model's power in predicting the rate of children who are in school across language groups, and displays the predicted and actual rates from specification 3 (Table 1 ) by age and language group. Generally, our model appears to accurately predict whether a child will be in school or not. The predicted probability that a six-year-old Somali child will be in school is approximately 30 percent, whereas the probability for a six-year-old Kikuyu child is over 90 percent. 
Other robustness checks
To examine the importance of the statistical model, we also estimate the parameters by using (1) a probit model without controlling for the correlation of the error terms, (2) a probit model clustering the error term at the household level, and (3) a probit model clustering the error term at the community level. Table  A5 in the appendix reports the estimates for the impacts of ethnolinguistic background on the child's probability of being in school, for these models. The advantage of the standard probit model is that it requires fewer assumptions about the distribution of the error term. However, it comes at the cost of less efficient estimates for the coefficients. Even though all statistical models give the same overall conclusions (the same variables are statistically significant and they have the same signs), the magnitudes of the coefficients change. To give a feeling for the sizes of the impacts, we calculate the marginal effects using the probit model, clustering the standard error at the community level. With the warning that there could be some bias here, we can summarize some of these results as follows: compared to Kikuyu children, the probability of being in school is about 19 percentage points lower for Somali children and 13 percentage points lower for Maasai children.
Conclusions
This paper contributes to the literature of children's enrollment in primary education by providing empirical evidence of the importance of ethnolinguistic background for the probability of being in school. We identified the language groups using the Kenya Integrated Household Budget Survey, which was designed to allow the respondent to answer in one of the eleven local languages, or Swahili or English, the latter two being Kenya's official languages. We expect that this variable contains several attributes, such as culture, norms and language that are essential to the decision over whether to send a child to school. Answering in a local language implies that the household uses that language at home, which makes it a good proxy for ethnolinguistic background. Our results show that ethnolinguistic background influences a child's probability of being in school. Even after controlling for child, household, community and district characteristics, we find that ethnolinguistic background has a statistically significant impact, which supports our hypothesis that differences in culture and norms among language groups influence the expected costs and benefits of education.
However, we are aware that other factors could explain the differences among language groups. For example, the expected benefits of an education will be influenced by the different probability of children from different language groups being able to obtain an education in their mother tongue. Although we do not have data regarding the language of instruction at a household's nearest school, the estimates of the language group dummies leave some room for interpretation that children who do not speak the language of instruction may be less likely to be in school. This issue requires more and higher-quality data, which might support earlier policy recommendations that children should initially be instructed in either English or Swahili in before starting primary education.
Even though our data do not allow us to explicitly determine which factors are behind the differences among ethnolinguistic groups, we do find some evidence of potential mechanisms. For example, in line with previous research, we find that differences among ethnolinguistic groups are most pronounced for girls, indicating that the differences among groups can to some extent be explained by differences in gender norms. This finding is further supported by the result that, in language groups where a large proportion of the women stated that they took care of the household as their main activity, the child's probability of being in school was lower. Somali and Maasai children are less likely to be in school than are children from all other groups. Both the Somali and Maasai groups have nomadic traditions, which might be a factor that influences the perceived costs and benefits of education. A separate analysis by child's gender shows that compared to Kikuyu children both girls and boys from the Somali and Maasai group, but also Mijikenda and Swahili girls, have a lower probability to be in school. This might be an indication that gender norms are stronger in these groups.
Therefore, one policy recommendation would be to focus on girls in these groups by for example conditional cash transfers in the areas where these groups live. Notes: *** 1% significance level, ** 5% significance level, and * 10% significance level. 
